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a computer malfunction) are a reason to exclude outliers. At the same time, when such 
errors are absent, excluding outliers (the ones that are not the result of experimental 
error) is not a step to take lightly.

Similar to DeCoster et al. (2015), Joseph Simmons et al. (2011) discussed the self-
serving nature of the decisions researchers make, including what to consider an outlier. 
Simmons et al. made several recommendations for dealing with the flexibility in data 
collection and analysis that results in false positives (rejecting the null hypothesis when 
you should not have done so). Regarding eliminating observations (which would include 
outliers), they stated, “If observations are eliminated, authors must also report what the 
statistical results are if those observations are included” (p. 1362). The emphasis in their 
recommendations is for authors to be transparent about what they have done and why. 
Simmons et al. argued that reviewers (and readers) can then evaluate the extent to which 
a given finding depends on excluding the data.

As with missing data, there are no hard-and-fast rules for deciding when something is 
too divergent to be excluded (Zijlstra, Van der Ark, & Sijtsma, 2011). You have to pres-
ent a rational, defensible argument for what you did and, given the recommendations of 
Simmons et al. (2011), present the findings when these outliers were included as well as 
when they were excluded.

REVISIT AND RESPOND

•• What is opportunistic bias? How does it apply to the concept of an outlier? Are 
genuine experimental errors a justifiable reason to exclude outliers? If there is 
no evidence of genuine error and outliers exist, reporting the results with and 
without the outliers is recommended. Why is transparency in reporting your data 
“adjustments” so important?

GOING FISHING AND OTHER  
DATA DREDGING PRACTICES
We have just discussed opportunistic bias and the questionable decisions researchers 
sometimes make about handling their data. There are other questionable data handling 
practices that occur called going fishing (also called data dredging). In the absence of 
significant results for the stated hypotheses, researchers sometimes undertake additional 
analyses as part of data exploration; this has been called “going on a fishing expedition” 
(Bem, 2004, p. 187). In their discussion of opportunistic bias, DeCoster et al. (2015) 
focused their comments on tactics that could lead to the discovery of findings related to 

Going fishing: 
term that 
describes 
exploring your 
data post hoc 
for significant 
findings.

Data dredging: 
exploration of 
large sets of 
data to discover 
statistically 
significant 
patterns not 
originally 
hypothesized.


